INTRODUCTION
The debate over race and ethnically targeted vehicle searches by police is currently dominated by two loosely organized and very different coalitions.
The first consists of civil rights and social movement organizations, such as the American Civil Liberties Union (ACLU) and the National Association for the Advancement of Colored People (NAACP), professors of law, and investigative journalists. The members of this first coalition firmly oppose race and ethnically targeted vehicle searches by police, and their opposition is grounded in the argument that such searches are illegal and unproductive.' The ACLU's report, Driving While Black, is representative of the position of this first coalition: know why. 8 Police officers therefore have a strong incentive to provide false or incomplete data and sizeable numbers of police officers have been detected doing precisely that. 9 Cordner and colleagues, for instance, estimate that San Diego police reported only fifty-three percent of the traffic stops they made in predominantly African American and Hispanic police precincts during 2001.10 The solution is triangulation."' Because all data sources including police-reported data present problems, confident and complete understanding of the factors affecting vehicle searches and vehicle search hits necessarily requires patient examination using multiple sources, including police-reported, citizen-reported, and observer-reported data.
The present research therefore examines vehicle searches and vehicle search hits using citizen-reported data. My goals are threefold. The first is to add to the extensive scholarly literature on the effects of legal and extralegal variables on police actions. The second is to complement preliminary analyses of police-reported data with an analysis of citizenreported data. The third is to move toward a triangulated scholarly understanding of the factors affecting vehicle searches by police and vehicle search hits.
LEGAL AND EXTRALEGAL VARIABLES AND POLICE ACTIONS
Scholars have known for a very long time that both legal and extralegal factors affect police actions. In the late 1940s, for instance, Goldman examined the factors affecting the decisions of police patrol officers during their encounters with juvenile offenders. 12 Goldman reported that the police officers he studied paid close attention to legal factors such as the seriousness of the offense as well as extralegal factors such as the race, nationality, and social class of juvenile offenders when making the decision to handle the juvenile formally or informally. 13 Also in the late 1940s, Westley studied the legal and extralegal factors that precipitated use of unnecessary force by police patrol officers in Gary, Indiana. 4 He reported that police were quicker to use unnecessary force as a means of soliciting information about serious crimes and when citizens did not show respect to officers.
Since these early studies and others like them,'" there has been a steady stream of studies focused on the effects of legal and extralegal variables on police actions.' 6 The accumulated data consistently support three observations. First, police are legal actors sensitive to legal factors. 17 The more serious the offense, the more likely police are to take formal action.' 8 Second, extralegal variables are especially important in the context of minor and low-visibility police actions such as the decision to write a traffic ticket once a traffic stop has been made.' 9 Third, and with the possible exception of demeanor, 2° Data, 34 CRIMINOLOGY 83 (1996) .
17 See Black & Reiss, supra actions. In particular, results concerning race and ethnicity have been mixed, with some studies finding them important 2 and others not. 2 
ONE LIMIT OF PREVIOUS RESEARCH
However, race and ethnically targeted vehicle searches by police have not been the focus of social science research on the effects of legal and extralegal variables on police actions. Older data bases that continue to be consulted and used by scholars of police and policing such as the data assembled by Albert J. Reiss, Jr. in Similarly, Cordner and colleagues 3 I are collaborating with the San Diego Police Department in collecting and analyzing police-reported data on traffic stops, vehicle searches, and vehicle search hits. They report that San Diego police searched vehicles driven by Hispanic drivers more often than white drivers (51.6% versus 24.5%). However, searches of vehicles driven by whites yielded hits twice as often as vehicles driven by Hispanics (11.7% versus 5.0%). There were no differences in vehicle search rates or hit rates between vehicles driven by African Americans and whites.
Researchers at the University of Minnesota Law School's Institute on Race and Poverty reached the same general conclusions. Following preliminary analysis of data voluntarily collected and provided by sixty-five Minnesota police departments during 2002, they reported police "searched Blacks, Latinos, and American Indians at greater rates than White drivers, and found contraband as a result of searches of Blacks, Latinos, and American Indians at lower rates than in searches of White drivers. Sept. 22, 2003) .
PROBLEMS WITH POLICE-REPORTED DATA
Police reports of vehicle searches and vehicle search hits are clearly instructive. Just as clearly, police-reported data pose problems. Contemporary police officers know why data are being collected and they have strong incentives to distort or minimize what they report. 33 Accordingly, understandings of vehicle searches and vehicle search hits grounded exclusively in police-reported data must be viewed with caution.
TOWARD A TRIANGULATED SCHOLARLY UNDERSTANDING Data on the effects of legal and extralegal variables on police actions generally and vehicle searches and hits in particular can come from at least three sources. First, researchers have turned to police for data to study the effects of race and ethnicity on traffic stops, vehicle searches, and vehicle search hits. 3 4 Second, it is possible for scholars to expand the training of the observers of police who have played such a central role in the collection of data on police and policing in the past 35 to include collection of data on vehicle searches and vehicle search hits. Third, it is possible for researchers to turn to citizens for data on the factors affecting police actions. 3 6 However, exclusive reliance upon any one of these three data sources necessarily raises questions about validity. Data assembled from police reports, for instance, are susceptible to deliberate distortion because police know why data are being collected and some police officers have already been detected providing false or incomplete data. 3 7 Training the next generation of observers to collect data on vehicle searches is a logical and necessary step. However, data collected by observers inevitably raises questions about reactivity because police are always aware that data are 33 See MEEKS, supra note 1, at 6-7; VERNIERO & ZOUBECK, supra note 6, at 31-32;
Dedman & Latour, supra note 9; Donohue, supra note 9. present research advances an analysis of vehicle searches and vehicle search hits using citizen-reported data. As such, the present research complements ongoing research using police-reported data and takes its place in the research literature on the effects of legal and extralegal variables on police actions while scholars await a new generation of observers trained to collect the data that will permit completion of a triangulated approach to the study of vehicle searches and vehicle search hits.
METHODS CONTACTS BETWEEN POLICE AND THE PUBLIC 1999 DATA AND CASES
Contacts Between Police and the Public: Findings from the 1999 National Survey (hereinafter CBPP 1999) is a nationally representative sample, and it was collected as part of the annual National Crime Victimization Survey." To be included in CBPP 1999, subjects had to be sixteen years old or older (N= 80,543) and they first answered a long series of questions (31% in person and 69% by telephone) about crime victimization and then a much shorter series of questions lasting five to ten minutes about face-to-face contacts they had with police in the previous twelve months. Of those' interviewed, 7034, or 8.7%, reported one or more traffic stops where they were the driver.
4 5 Of those with at least one stop, 43 See sources cited supra note 6. 44 LANGAN ET AL., supra note 42. 45 To isolate subjects who were drivers in the CBPP 1999 data base, use V30 (Respondent Was Driver). There are four variables in the CBPP 1999 data base that can be used to determine the frequency of traffic stops and three of the four frequency counts agree, while the fourth does not. The three that agree are VI I (Vehicle Stopped By Police), V26 (Vehicle Stopped Once), and V27 (Vehicle Stopped More Than Once) and all three of these variablesagree that 5662 drivers were stopped once and 1372 were stopped more than once. V28 (Number Of Vehicle Stops), however, does not provide the same frequency counts. Instead, V28 indicates that 5696 drivers were stopped once and 1338 drivers were stopped more than once. I was unable to resolve this thirty-four-case discrepancy. However, all four variables agree that 7034 drivers were stopped one or more times. It is important to note that when subjects reported more than one traffic stop where they were the driver, they were asked to provide information on the "most recent occasion," thereby providing complete data for all 7034 drivers with at least one traffic stop. LANGAN ET AL., supra note 42, at 35. For the thirty-four cases with missing information on total traffic stops, I plugged with the mean (2.83). In their preliminary analysis, Langan et al. replaced these inexact responses with the mode (two stops) of the multi-stop sub-sample. Id.; Telephone Interview with Matthew Durose, Statistician, Bureau of Justice Statistics (Apr. 11, 2002). I prefer using the mean [Vol. 94 344, or 4.9%, reported that the vehicle they were driving was searched by police, and of those 344 vehicle searches, citizens reported a hit in fortythree, or 12.5%, of the searches. When subjects reported more than one traffic stop, they were asked to provide information on the "most recent occasion, ' 46 thereby providing data for all 7034 drivers with at least one stop. These are the data and cases under examination in the present research.
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A previously published paper using this same data base 48 examined whether race and ethnicity affect traffic stops by police and citizen perceptions of their traffic stop encounters with police. That paper advanced four conclusions. First, citizens report that police nationally direct traffic stop attention to African American male drivers. Second, African American drivers (both men and women) as well as Hispanic male drivers are significantly less likely than white men to report that police had a legitimate reason for making the traffic stop. Third, African American men and Hispanic men are significantly less likely than white men to report that police acted properly during the traffic stop encounter (as are African American women compared to white women). Fourth, beliefs in the legitimacy and propriety of police actions are framed by a stark polarity between African Americans and whites. 49 The present research, accordingly, extends the previously reported data by directing sustained attention to whether race and ethnicity affect not just traffic stops and citizen perceptions of police actions, but vehicle searches and vehicle search hits as well. Questions about the effects of race and ethnicity on vehicle searches and vehicle search hits are central to the current controversy over racial profiling by police 50 and the present research uses CBPP 1999 to generate answers to these additional questions.
DEPENDENT MEASURES
The present research models two dependent measures. The first, Vehicle Search, is grounded in responses by citizens with at least one traffic stop to the following question: "Did the police officer(s) search the vehicle?" 5 Vehicle Search is therefore a dichotomous measure where yes (2.83). However, I ran the models without these thirty-four cases and found exactly parallel results to those reported.
46 LANGAN ET AL., supra note 42, at 35. or vehicle search is coded as 1, no vehicle search and missing as 0. These models run on the total cases with at least one traffic stop (N= 7034).52
The second dependent measure directs attention to whether a vehicle search yielded a hit in the form of "illegal weapons, illegal drugs, open containers of alcohol, such as beer or liquor, other evidence of a crime. 53 Vehicle Search Hit is therefore also dichotomous with a search yielding one or more of the items asked about coded as 1, none of the items or missing as 0. These models run on the cases where police undertook a vehicle search (N = 344). 4 Three additional observations about these dependent measures are important. First, both dependent measures are grounded exclusively in citizen definitions and perceptions of whether police searched their vehicle and whether police found something in the wake of a search. While there is no way of discerning (other than the precise content of the questions noted above) what citizens define or perceive as searches or hits, this limit is no different from the limit surrounding scholarly reliance upon police definitions and perceptions of searches and hits.
5 5 Second, it is important to be clear about the reason for modeling the Vehicle Search Hit dependent measure. Opponents of race and ethnically targeted vehicle searches defend their position by asserting that such searches are not more likely to yield evidence of contraband. 56 However, supporters of race and ethnically targeted vehicle searches defend their position by asserting that such searches are more likely to yield evidence of contraband. 7 Vehicle Search Hit permits assessment of these contradictory arguments using citizen definitions and perceptions. Third, while the number of citizens reporting a vehicle search is relatively small (344 or 4.9% of 7034 total cases) and for those whose vehicles were searched, the number with hits is small as well (43 or 12.5% of the 344 vehicle searches), the limited previous research 52 See Appendix A.
53 Id. The 344 drivers who reported vehicle searches by police also reported that police asked permission to search in 163, or 47.4%, of the searches. Of the 163 instances where police asked the permission of the driver, 156, or 95.7%, reported that they consented to the search. Id.; see also HARRIS, supra note 1, at 33-37. I initially considered these measures for inclusion in the multivariate models in Table I and Table 2 . However, additional analysis revealed that both were perfect predictors of a vehicle search and logistic regression does not yield logical parameter estimates and standard errors when there is no variance in the dependent measure for a predictor variable. These measures are therefore not part of the final models shown in Table I and Table 2 .
54 See Appendix B.
55 ZINGRAFF ET AL., supra note 6.
56 ACLU, supra note 1; HARRIS, supra note 1; MEEKS, supra note 1; NAACP, supra note 1; Arner, supra note 1. 57 See Goldberg, supra note 4.
[Vol. 94 currently available indicates that vehicle searches and vehicle search hits are rare events. 58 The relatively small number of searches and hits are therefore not troublesome artifacts of the data. Instead, both follow directly from the simple fact that police simply do not search vehicles all that often and when they do, they are not successful very often.
MODEL ESTIMATION ISSUES AND DATA ANALYSIS
The Vehicle Search and Vehicle Search Hit dependent measures are both dichotomous and either logistic regression or probit analysis are the techniques of choice because they offer better estimation properties than ordinary least squares regression.
5 9 However, these analyses are subject to a sample selection bias 60 because the Vehicle Search and Vehicle Search Hit dependent measure outcomes are observed only for respondents with at least one traffic stop (N = 7034). To correct for sample selection bias, I first attempted to use a bivariate probit regression model. 61 This procedure uses probit to simultaneously estimate the effects of the predictors on the likelihood of being stopped and on respondents' self-reports of vehicle searches and then vehicle search hits, while specifying that the disturbances for the two outcomes are correlated. However, the bivariate probit models failed to converge because the estimated error correlations approached the boundary condition of being perfectly correlated. 62 The second solution was to follow the logic of the sample selection correction methods which control for a case's likelihood of being selected 58 ZINGRAFF ET AL., supra note 6; see also Dedman & Latour, supra note 9, at A8. A variety of different model specifications were tried. Neither simpler models with fewer predictors nor models which specified different sets of predictors for the stop outcome than for the subsequent outcomes were successful in achieving convergence. Convergence problems similarly occurred when estimating these models with the iterative version of Heckman's technique, which analyzes the likelihood of being stopped using a probit model but applies OLS regression to the subsequent report of police behavior (thus ignoring the problems of using OLS for a dichotomous outcome). See Heckman, supra note 56. The non-iterative version of Heckman's model did provide estimates which are identical in sign and significance to the ones presented and discussed with one marginal exception. Experimentation with unrelated data suggest that the iterative models will not converge when the selection equation predicts a probability of inclusion (exclusion) greater than .5 for all cases, as occurs with the present data. If some cases have a predicted probability less than .5 and some greater than .5, then the iterative models will converge.
into the restricted sample.
3 In the present case, I use logistic regression 64 to analyze respondents' reports of vehicle searches and vehicle search hits and introduce a control for the total number of traffic stops reported by the respondent. This is a direct control that efficiently represents how included respondents differ from each other (and from excluded respondents) in their chances of experiencing face-to-face traffic stop encounters with police and thus of reporting a vehicle search and vehicle search hit during their most recent traffic stop encounter.
It is also important to understand that logistic regression comfortably handles the "splits" on the two dependent measures-for the Vehicle Search dependent measure 344, or 4.9% of the 7034 cases, coded as I or yes; for Vehicle Search Hit dependent measure 43, or 12.5% of the 344 cases, coded as 1 or yes. 65 Indeed, splits such as these are precisely what make logistic regression the correct data analytic choice.
EXPLANATORY MEASURES
Police actions are determined by a mixture of legal and extralegal factors 6 In order to distinguish the extralegal effects of driver race and ethnicity, I control for these other factors and present them in the approximate order in which they unfold during a police-citizen traffic stop encounter. 67 See Appendix A and Appendix B for the bivariate effects of each of the explanatory measures on the dependent measures. Also please note that the relationships between the explanatory measures and the race and ethnicity variables are generally what would be expected. With respect to race and as compared to whites, African Americans are more likely to reside in places of one million or more (14.2% versus 3.0%), more likely to report that an African American police officer stopped them (15.6% versus 5.4%), less likely to report speed as the reason for the stop (40.2% versus 5 1.5%), more likely to report being stopped in a vehicle with three or more occupants (10.8% versus 5.9%), and less likely to report an above average income (22.8% versus 42.4%). There are no important race differences in age or gender. Also examined was a correlation table for all the explanatory measures. There were no correlations signaling multicollinearity.
[Vol. 94
VEHICLE SEARCHES BYPOLICE Total Traffic Stops
Respondents who indicated they had experienced a traffic stop encounter with police where they were the driver were asked how many traffic stops they had experienced in the previous twelve months. I use their responses to construct Total Traffic Stops to control for sample selection 68 and for the likelihood of having more frequent traffic stop encounters with police and thus of being susceptible to vehicle searches and vehicle search hits in unmeasured ways.
Size of Place
I use the CBPP 1999 data to construct explanatory measures representing size of place. CBPP 1999 subjects reported where they lived and this information was coupled with census data by CBPP 1999 researchers to place subjects into one of four categories. I use these categories to construct three size of place dummy variables: (1) 1,000,000 or More (yes = 1, else = 0); (2) 500,000 to 999,999 (yes = 1, else = 0); and (3) 100,000 to 499,999 (yes = 1, else = 0), making places with populations of less than 100,000 the omitted reference category.
Size of place is included as a control variable for two reasons. First, most trips which drivers make take place close to where they live, 69 so most traffic stops, vehicle searches, and vehicle search hits take place where respondents live. Second, police officers serving high-population jurisdictions handle more calls from citizens and consequently have less time for vehicle searches than police officers serving lower-population jurisdictions.
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Police in lower-population jurisdictions should therefore undertake more vehicle searches.
Officer Race and Ethnicity
Policing has long been dominated by whites and the entrance of African American and other minority police officers is not just relatively recent 71 but has been openly questioned and resisted by white police officers as well. 383 (1994). police officers bring different styles of policing to their traffic stop encounters with citizens including different vehicle search decision criteria. 73 I therefore probe the effects of officer race and ethnicity on vehicle searches and hits by creating four dummy variables. They are: (1) White (yes = 1, else = 0); (2) Black (yes = 1, else = 0); (3) Other (Asian American, Native American, other) (yes = 1, else = 0); and (4) Mixed (some combination of white, Black, or other police officer) (yes = 1, else = 0). The omitted reference category is composed of traffic stops where the driver reports not knowing the race or ethnicity of the police officer, and cases with missing values. 74 
Legal Reason for Stop
The formal legal reason for a traffic stop is a violation of a traffic or some other kind of law. 5 I therefore examine the effects of the legal reason for the traffic stop using six dummy variables: (1) Speeding Violation (yes 74 Police officers also have a gender and an age but CBPP 1999 subjects were not asked to provide information on these two dimensions. Also not collected was information on the type of organization for which the police officer making the stop works-state, county, or local. All should be part of future CBPP surveys. 75 See MEEKS, supra note 1, at 39-40; Weitzer & Tuch, Perceptions, supra note 36, at 436. 76 An anonymous reviewer asked whether there were racial differences in stops for suspicion and whether being the driver of the searched vehicle was linked with reporting suspicion as the reason for the stop. Based upon my analysis of the CBPP 1999 data, there are no racial differences in stops for suspicion, with 2.3% of black drivers reporting suspicion as the reason for their stop as compared to 2.0% of white drivers. However, reporting a vehicle search is linked with reporting suspicion as the reason for the stop, with 12.2% of drivers reporting a vehicle search reporting suspicion as the reason for the stop as compared to only 1.6% of drivers not reporting a vehicle search, based upon my analysis of the CBPP 1999 data. It thus is possible that subjects report they were stopped for suspicion because the police officer searched their vehicle, not because suspicion on the part of a police officer leads to a vehicle search. However, police officers commonly tell a driver very early in the traffic stop encounter why they were stopped thereby suggesting that the likely causal order is that suspicion on the part of a police officer leads to a vehicle search.
VEHICLE SEARCHES BY POLICE

Number of Vehicle Occupants
Police officers are sensitive to the number of vehicle occupants and are more curious about vehicles with more than one person. Rubinstein explains: "Any car with many people in it, especially teenagers, quickly excites the patrolman's interest .... [H] e is particularly alert for cars being driven by young men ... with a companion or two.
'77 I therefore examine the effects of the number of vehicle occupants on vehicle searches and hits using two dummy variables: (1) Three or More (yes = 1, else = 0); and (2) Two ( yes = 1, else = 0), making vehicles with only the driver the omitted reference category.
Driver Social Class
The CBPP 1999 data report three levels of income for subjects, and I use those income levels to construct two dummy social class measures: (1) Above Average Income ($50,000 or more = 1, else = 0); and (2) Average Income ($20,000 to $49,999 = 1, else = 0), making Below Average Income (less than $20,000 and missing) 78 the omitted reference category. My goals with these social class measures are twofold. The first is to distinguish the effects of race and ethnicity from those of social class. The second is to determine whether social class affects vehicle searches and vehicle search hits.
Driver Age
I represent driver age to disentangle the effects of age from those of race and ethnicity and to determine whether driver age affects vehicle searches and vehicle search hits.
79 CBPP 1999 subjects reported their age in years, and I use this information to construct three dummy variables: (1) Teen (ages 16 to 19 years = 1, else = 0); (2) Young Adult (ages 20 to 29 years = 1, else = 0); and (3) Adult (ages 30 to 64 years = 1, else = 0). Senior (ages 65 years and older) is the reference category.
JONATHAN RUBINSTEIN, CITY POLICE 255 (1973).
71 In the 1999 CBPP data file, respondents who did not answer the income question and subjects for whom income data are missing are not distinguished from those who report income in the lowest category. Therefore, it is not possible to disentangle these two types of subjects.
79 See RUBINSTEIN, supra note 77, at 255.
Driver Gender
I represent gender to distinguish its effects from those of race and ethnicity and to examine the effects of gender 80 on the two dependent measures. Female is a dichotomous variable with female CBPP 1999 subjects coded as 1, male subjects as 0.
Arrest
CBPP 1999 did not ask citizens to distinguish between inventory searches in the wake of an arrest and discretionary and presumably consensual searches not associated with an arrest. 81 Because the former are mandatory for police officers in many police jurisdictions to protect against accusations of damage or theft once the arrested driver's vehicle has been towed, they are less likely to be grounded in the race or ethnicity of the drivers of searched vehicles. 82 Discretionary or consent searches are, therefore, what is at issue when it comes to the effects of race and ethnicity on vehicle searches and vehicle search hits by police. I therefore control for whether a driver reported they were arrested (yes = 1, no = 0) to partially distinguish inventory searches from discretionary searches.
Driver Race/Ethnicity
The primary focus of this paper is the effects of race and ethnicity on vehicle searches and vehicle search hits. To explore this issue, I use CBPP 1999 subjects' self-designations as Black, Hispanic, a member of some other race or ethnic group, or white to construct three dummy variables: (1) Black (yes = 1, else = 0); (2) Hispanic (yes = 1, else = 0); and (3) Other (American Indian, Aleut, Eskimo, Asian American, Pacific Islander, and other non-Black, non-Hispanic, non-white) (yes = 1, else = 0), making whites the omitted reference category.
Driver Race/Ethnicity and Gender
Limited existing evidence indicates that police especially target Black men and Hispanic men for attention. 83 This suggests that intersections of race/ethnicity and gender may be important in the context of vehicle searches. I therefore use CBPP 1999 subjects' race and ethnicity self- [Vol. 94 designations and interviewer coding of gender to construct six dummy variables. They are: (1) Black Female (yes = 1, else = 0); (2) Black Male (yes = 1, else = 0); (3) Hispanic Female (yes = 1, else = 0); (4) Hispanic Male (yes = 1, else = 0); (5) Other Female (yes = 1, else = 0); (6) Other Male (yes = 1, else = 0); and (7) White Female (yes = 1, else = 0), making white male the omitted reference category. In the models with these explanatory measures, the direct measures of driver gender and driver race/ethnicity are omitted to eliminate redundancies in model specification. However, I also ran all of the models that follow excluding cases with any missing values. I also created a dummy variable to represent cases with missing values and included it in all of the models. The race, ethnicity, and race/ethnicity and gender findings were precisely the same as those I report. This indicates that cases with missing values do not distort the central findings because alternative models yield exactly the same results. 84 
MISSING VALUES
See, e.g., JACOB COHEN & PATRICIA COHEN, APPLIED MULTIPLE REGRESSION:
CORRELATION ANALYSIS FOR THE BEHAVIORAL SCIENCES (1975).
85 See supra note 39. 86 See Martin, supra note 72.
RESULTS
VEHICLE SEARCH
While all of the legal and extralegal explanatory measures are of interest, the primary focus of this paper is on the extralegal effects of race and ethnicity. I therefore begin with a description of the effects of the explanatory variables other than race/ethnicity and then turn to the animating issues in this section and the next. This selective approach is facilitated by the fact that the data weave a consistent empirical tale.
As can be seen in both models in Table 1 , Total Traffic Stops has a significant positive effect on vehicle searches. This verifies that this "selectivity" measure does indeed capture how respondents differ in their chances of experiencing traffic stops, and thereby vehicle searches, and efficiently and logically controls for sample selection. [Vol. 94 With respect to the size of place explanatory measures, the literature teaches that police in high-population jurisdictions handle more calls and, [Vol. 94 therefore, presumably have less time for vehicle stops and searches. 88 However, the size of place explanatory measures in Table I do not support these lessons. In particular, police officers in moderate-sized jurisdictions, with populations of between 100,000 and 499,999, search vehicles at a significantly higher rate than police officers in jurisdictions with a population of less than 100,000. This is possibly a function of a sufficiently low level of calls to police to make searches possible and a sufficiently high level of perceived vehicle drug flow by police to make searches appear productive. However, this interpretation is not grounded in previous research, and, therefore, is speculative until additional research probes and reports the effects of similar size of place measures on vehicle searches.
The remaining explanatory measures all have relatively clear effects, and most of those reflect previous research. White police officers and officers representing some mixture of white, African American, and/or others are significantly more likely to search vehicles than officers whose race/ethnicity are unknown. African American officers, however, are not significantly more likely to search vehicles than officers whose race/ethnicity are unknown. With the exception of suspicion stops, where police are significantly more likely to search a vehicle, the reason for the traffic stop does not positively affect vehicle searches. As Rubinstein explained, police officers attend to the number of vehicle occupants and police are significantly more likely to search when there are three or more occupants.
89 Police officers also are sensitive to social class 90 and are significantly less likely to search vehicles driven by those with above average and average incomes than those with below average incomes.
Police also pay close attention to age 9 and are significantly more likely to search vehicles driven by younger people. And, as would logically be expected, arrest increases the odds of a search because inventory searches of vehicles are mandatory in many police jurisdictions following an arrest. 
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Model I in Table 1 also provides the first look at citizen reports of the effects of their race/ethnicity on vehicle searches. 92 Black citizens and Hispanic citizens report vehicle searches significantly more often than white citizens. Vehicles driven by members of other race and ethnic groups, such as Asian Americans, are not more likely to be searched than whites.
Model 2 in Table 1 probes whether citizens report that intersections of race and ethnicity with gender also are important. They are. Women in all of the race and ethnic groups are never more likely to be searched, and, according to African American and white women, the vehicles they drive are significantly less likely to be searched than vehicles driven by white men. However, African American men and Hispanic men report vehicle searches significantly more often than white men.
VEHICLE SEARCH HITS
Some police administrators and officers support race and ethnically targeted vehicle searches. Their support is grounded in the argument that such searches are more likely to yield hits in the form of illegal evidence, especially drugs. 93 They are wrong. Models 1 and 2 in Table 2 show that citizens report that none of the race and ethnicity or race and ethnicity/gender measures predicts a vehicle search hit. Indeed, with some minor exceptions, none of the explanatory measures explain vehicle search hits. Accordingly, while it is true that some police support targeting of African American and Hispanic drivers for searches on the grounds that such searches are more productive, citizens report that these targeted searches are no less or more likely to yield hits than searches of vehicles driven by white drivers. 9 4 92 As suggested by an anonymous reviewer, I also ran the models in Tables l and 2 by first including only the race and ethnicity explanatory measures and then stepping in the other explanatory measures. As would be expected with underspecified, as compared to more fully saturated models, the effects of the race and ethnicity explanatory measures moderate when the other explanatory measures are added, although the direction and significance of the race and ethnicity explanatory measures remain the same. For instance, when modeling the vehicle search dependent measure using only the race and ethnicity explanatory measures, the parameter estimate (and standard error) for a black driver is .624 (. 159), and with all the explanatory measures it is .396 (.179), with both parameter estimates significant (p <.05, one-tailed). As noted, this is to be expected because in underspecified models, the race and ethnicity explanatory measures represent other effects that need to be disentangled and clarified with the addition of the other explanatory measures, which is precisely what happens in the more fully saturated models. 93 See Testimony, supra note 3; DEA, supra note 3; Goldberg, supra note 4, at 50-57. 94 See ZINGRAFF ET AL., supra note 6, at 23.
[Vol. 94 Note: Standard errors in parentheses. N for Model I is reduced from 344 to 312 because there were no vehicle search hits involving Other and Unknown police officers, Senior drivers, or Other drivers and logistic regression does not yield logical parameter estimates when there is no variation in a dependent measure (also please see Appendix B and Table 3) . N for Model 2 is 292 because in addition to the cases already omitted, Black Female drivers and Hispanic Female drivers had no hits (also please see Appendix B and Table 3 ). With these deletions, the omitted reference category for police officer race/ethnicity is Mixed and the omitted reference category for driver age is Adult. * p <.05 (one tailed). Table 3 details what police find when they use their enormous power to search a vehicle. The most common illegal evidence police turn up after a leisurely and time-consuming rummage through a vehicle 95 is an open container of alcohol. Much less common are illegal drugs and illegal weapons. Clearly the fruits of vehicle searches also cannot be used to justify race and ethnic targeting because, according to citizens, police find very little, and what little they do find is not very important. 
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DIscussION
REVIEW OF APPROACH AND RESULTS
Social movement and civil rights organizations, professors of law, and investigative journalists oppose race and ethnically targeted vehicle searches by police on the grounds that such searches are illegal and unproductive. 96 However, some police administrators and officers openly support these same actions on the grounds that race and ethnically targeted vehicle searches are more likely to yield hits. 97 To this point, social science scholars have not published formal papers on searches and hits, although preliminary reports using police-reported data are currently available. 98 The present research advanced an alternative to police-reported data. It used citizen reports of their encounters with police to assess the role of legal and extralegal variables on vehicles searches by police and vehicle search hits, with a sustained focus on the extralegal effects of race and ethnicity and intersections of race and ethnicity with gender.
The results are clear. Controlling for legal and other extralegal explanatory measures, citizens report that police are significantly more 96 See sources cited supra note 1. 97 See Testimony, supra note 3; DEA, supra note 3; Goldberg, supra note 4, at 50-57; see also MEEKS, supra note 1, at 50-62. The results are not just clear, the implications are profoundly important. Not only are police making race-based traffic stops, 99 citizens report that police are making race and ethnically targeted vehicle searches as well. Police, though, gain absolutely nothing positive by using race, ethnicity, and gender as bases for searches because, according to citizens, targeted searches are no more likely to yield evidence of contraband than vehicle searches of whites. 00 However, it is not just that police fail to realize anything positive by engaging in race and ethnically targeted vehicle searches. They also lose a great deal. Survey and other research routinely indicates that African American and Hispanic citizens have much less confidence and trust in police than do whites.' 0 ' What the present research indicates is that lower levels of confidence and trust in police among citizens of color are well founded because they reflect differential police treatment of African Americans and Hispanics, as compared to whites. Nevertheless, the CBPP 1999 consists of nothing more, or less, than citizen answers to survey questions. In contrast, most of the classic research on police has been grounded in data collected by specially trained observers' 0 3 and, more recently, in the context of preliminary analyses of vehicle searches and vehicle search hits using police-reported data. [Vol. 94
Accordingly, the major issue surrounding the present research, future research using CBPP 1999 and subsequent CBPP surveys, and other research on police using citizen-reported data'o s revolves around a very simple question. Are citizen reports of police actions valid? The remainder of this section is therefore devoted to extended discussion of the validity of citizen descriptions of police actions, including the clear advantages of an agenda for future research that moves scholars in the direction of a triangulated understanding of vehicle searches and vehicle search hits.
There is Nothing Unusual about Scholars Using Data from Citizens
It is useful to begin discussion of the validity of citizen reports of police actions by noting that there is nothing unusual about scholars using data from citizens in their analyses of crime, criminals, and criminal justice. Uniform Crime Reports data, for instance, rests fundamentally in the hands of citizens because it is their calls to police that alert police to the fact that an index crime has been committed, and, by their calls, citizens make index crimes visible and both index and non-index arrests possible.' 1 6 In the case of victimization surveys, citizens tell interviewers whether they experienced a criminal victimization, indicate whether they reported that victimization to police, and, in the case of crimes against persons, describe the people who committed the crimes they experienced. 1 0 7 Similarly, self-report subjects report their own involvement in particular crimes including traffic law violations and whether they were arrested or ticketed by police.'1 0 When viewed though these lenses, then, use of citizen reports of their encounters with police is simply an extension of a long standing scholarly practice of using data from citizens in research on crime, criminals, and criminal justice.
In addition, citizens provide consistent data when describing crime, criminals, and criminal justice. No matter whether the data are drawn from Uniform Crime Reports, victimization surveys, or self-report studies, 1 0 9 the images citizens advance of crime, criminals, and criminal justice converge on common substance. With respect to crime, for instance, citizens consistently report that most crime is nonindex crime and most index crime is property crime, especially larceny theft.
Last, the citizens who answered the CBPP 1999 had few clear incentives for distorting the data they provided. Because the CBPP 1999 was a supplement to the National Crime Victimization Survey, l 1° subjects first answered a long series of questions about their experiences as victims of crime and then a much shorter series of questions lasting five to ten minutes about their contacts with police. For the CBPP 1999 subjects, the order, focus, frequency, and length of the questions necessarily seemed directed almost exclusively at crime victimization and crime reporting and only incidentally at contacts with police. Further, CBPP 1999 subjects had little or no knowledge why data were being collected and little or no knowledge that researchers would use their answers to examine the effects of race, ethnicity, and other factors on vehicle searches and vehicle search hits by police.
Citizen Descriptions Mesh with Scholarly Descriptions of Police Actions
The policing citizens self-report meshes with the manners and customs of police that scholars have observed and described"' on four important dimensions. First, scholars have long known that traffic stops are the single most frequent type of police-citizen encounter.'1 2 Accordingly, citizens who answered CBPP 1999 questions should report that traffic stops are the single most frequent type of police-citizen encounter. They do." 3 Second, police are legal actors sensitive to legal factors. 14 Because traffic law violations are more common among young drivers and male drivers," s citizen descriptions of traffic stops should show more stops involving young people and more stops involving men. As reported by citizens who answered CBPP 1999 questions, young drivers are stopped more often and male drivers are stopped more often.16 11o LANGAN, supra note 42, at 34. 
Underreporting by African American Citizens
Although the discussion to this point suggests that the CBPP 1999 citizen self-report data are largely valid, there is no mistaking the fact that African Americans, as compared to whites, underreport official trouble with the law, 2 2 including traffic stop encounters with police. 123 If these findings apply to the CBPP 1999 vehicle search and hit data examined in the present research, the effects are mixed. On the one hand, the significantly higher rates of vehicle searches reported by African Americans are even more robust than they appear. At the same time, though, the higher hit rates for whites might be a function of underreporting by African Americans, although preliminary analyses of police-reported data also yield evidence of modestly higher hit rates for whites.
FUTURE RESEARCH: TOWARD A TRIANGULATED SCHOLARLY UNDERSTANDING
Asserting that citizen-reported data appear valid does not make them so. This is especially the case because the study of race and ethnically targeted vehicle searches and vehicle search hits is at about the same point as the scholarly study of the effects of legal and extralegal variables on police actions in the wake of Goldman's and Westley's pioneering analyses more than fifty years ago. 125 In particular, publicly available research results are ongoing and therefore preliminary 2 6 and the present research appears to be the first to use both citizen-reported data and multivariate data analysis techniques to disentangle the extralegal effects of race and ethnicity from legal factors such as the reason for the traffic stop and other extralegal factors such as social class. With an extremely limited number of analyses, researchers understandably have no clear sense of the consistent patterns in the mosaic of scholarly understandings of the legal and extralegal factors affecting vehicle searches and vehicle search hits and therefore no firm basis for confidently assessing validity.
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The most pressing need, accordingly, is additional research on the factors affecting vehicle searches by police and vehicle search hits. Social science scholars are currently collaborating with law enforcement organizations collecting police-reported data on traffic stops, vehicle searches, and vehicle search hits and preliminary reports of the results of this collaboration are currently available. 28 With time, these preliminary results will be formalized and published in recognized journals thereby further demonstrating the usefulness of police-reported data in the study of vehicle searches and hits. 129 It therefore is important for scholars to continue to collaborate with police organizations in the collection of policereported data.
However, police-reported data raise problems of validity. Because police know data are being collected and because it currently is very easy for officers to distort the data they report, some police officers have already been detected submitting false or incomplete data. 130 It would therefore be a mistake for scholars to base their understandings of vehicle searches by 125 GOLDMAN, supra note 12; WESTLEY, VIOLENCE, supra note 14; Westley, The Police, supra note 14; Westley, Violence, supra note 14.
126 See, e.g., ZINGRAFF ET AL., supra note 6.
127 Howard S. Becker, Introduction to CLIFFORD S. SHAw, THE JACK-ROLLER: A DELINQUENT Boy's OwN STORY, at viii (1966) .
128 See, e.g., CORDNER ET AL., supra note 10. 129 ZINGRAFF ET AL., supra note 6. 130 MEEKS, supra note 1, at 6-7; Dedman, supra note 1; Donohue, supra note 9.
[Vol. 94 police and vehicle search hits exclusively or even primarily on policereported data. Citizen-reported data such as those used in the present research pose validity problems as well. Both whites and African Americans underreport official trouble with the law but African American subjects do so more often than whites. 131 These patterns in underreporting apply to traffic stop encounters with police 13 2 and by implication to vehicle searches and vehicle search hits. It therefore would also be a mistake for scholars to base their understandings of vehicle searches by police and vehicle search hits exclusively or even primarily on citizen-reported data.
Observational data are therefore important as well. Observers played a pivotal role in collecting data on police and policing in the past 33 and the data they collected continue to be used by contemporary scholars. 134 It therefore makes good social science sense to train a new generation of observers to collect data on vehicle searches and vehicle search hits. 35 However, observational data by themselves are not the panacea. Training observers to spend data collection time in the company of cops always means that police know data are being collected and necessarily introduces distortions traceable to reactivity.' 36 In addition, the citizens being observed also on occasion react to the presence of an observer by altering their words and deeds. As is true of police-reported and citizenreported data, observer-reported data also pose validity problems.
The solution is triangulation 3 7
Because no single data source is free of sources of invalidity, only triangulated data encourage researchers to establish and explain findings that are common to police-reported, citizen-reported, and observer-reported data and, more importantly, isolate and explain findings that are not common. Almost four decades ago, Webb and colleagues put the matter this way: It is too much to ask of any single class [of data] that it eliminate all the rival hypotheses .... As long as the research strategy is a based on a single measurement class, some flanks will be exposed ....
No single measurement class is perfect, neither is any scientifically useless .... [T] he most fertile search for validity comes from a combined series of different measures, each with its won idiosyncratic weaknesses .... 138 An agenda for future research is therefore clear. Scholars should continue to work with law enforcement organizations collecting policereported data on traffic stops, vehicle searches, and vehicle search hits.
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Scholars should complement these data with analyses of citizen-reported data on traffic stops, vehicle searches, and vehicle search hits, as was the case with the present research. Scholars should extend the training of observers of police to include the coding of vehicle searches and vehicle search hits.1 4 ' And, with these triangulated data in hand, scholars must establish the similarities and isolate and explain the differences in the images of vehicle searches and vehicle search hits using police-reported, citizen-reported, and observer-reported data.
Make no mistake, though. While analyses of police-reported data are still preliminary, while the present research was limited to citizen-reported data, and while observer-reported data are badly in need of collection, results to this point converge on three important points. First, vehicle searches by police are rare events. Second, race and ethnicity alone and in combination with gender predict vehicle searches. Third, contrary to the assertions of some police administrators and officers, hit rates are modestly higher for vehicles driven by whites. To this point, therefore, policereported data and citizen-reported data agree that police gain nothing and risk losing much by using race and ethnicity as foundations for vehicle searches.
CONCLUSIONS
Based upon citizen reports of their traffic stop encounters with police, the present research supports five conclusions. According to citizens, vehicle searches by police are another arena in which legal as well as extralegal factors affect police actions. Controlling for legal as well as other extralegal factors, citizens report race, ethnicity, and gender contour vehicle searches by police. Contrary to the assertions of some police There is a pressing need and ample scholarly room for additional research on vehicle searches and vehicle search hits using triangulated police-reported, citizen-reported, and observer-reported data.
